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SET50 TRI 1.00

S&P500 TRI 0.40 1.00

Nasdaq100 TRI 0.29 0.92 1.00

VN30 TRI 0.32 0.36 0.32 1.00
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HSHD** HSHD23 6.7% 19.7% 0.23 0.34
INDIAESG**  INDIAESG19 2.3% 14.4% 0.24 0.11
JGRO* JGRO19 16.8% 19.3% 0.23 0.81
REMX** REMX03 L Te%  412% 028 - 003
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“The only investors who shouldn’t diversify are those who are right 100% of the time.

wnasnwi inszarganandas Aiiiasanianlaladnaaiasezgn 100% nnass”

Sir John Templeton




